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2. Literature review

2.1 ARk Al
AR Al EERGENFREEE R - THEAREDIHESE (GANs) Iy HémiEes (VAEs) < 4
AETTAEES (GANs) HHAERGESEL R R M S0 406K - ke B ERIEEEE - Hnas RIS i
BT EARHET o ARG e i iE U E AR AR S A BRI E B - B —Riri F-H
Goodfellow ¢ ALE 2014 FF52H, > A6 ERRL Ay 2R Rt AT SV B Rl — (Goodfellow et al.,
2014) - By HERIEE (VAEs) e —TARGER » @SB E i A BHRiIEE & i sk A SO s -
B GANs fHEL » VAEs SEIDEEHEIRAGIEE - 588 E B A s E SR 25 EEEE - Kingma
Welling (2013) EHXIEH T VAEs FES: » WaSHH T HAT R A s SR R 48 BV FERT VS

(Kingma & Welling, 2013) °
2.2 AR AL TSR
ARt Al FVFE R E TSI & A 8EE » IERS =B a S CNERE ~ BG4 - FOHER
G E)) - NESRIZERE H BRI TSR ~ (SRS BRSNS » RATIE A BEIREIR © GPT
ZHIEAIER T A RCCRRY IR RAE ST - seduiRisim A B EIE S E ENCFNA (Brown et al.,
2020) - GANs BB Z FERI N B G AR sk - (B B RTZhRERE Z IRAIBN FEEHEL - ERESAENRTF & im
RS E ST EEmBE A H S/ (Karras et al,, 2019 ) « 541 » {3E 0] DS GANS
A pE B LAY E S EG - WG AN E 2R EEEE -

AR ALTE THE P AIVIE R B b 2B Ak 7 2 0T IV ESS - IRER0CE « HEIERANES NI T AT
A > WiHER TR ERIE RV AERY o Rk = AL 5ES0 B A BV P AEREMA LIV ZS - 858 T
FREL B 7 [R5 - BIERERE © AL NI ATHRVAIR - 82 T3NSI sE
M o {EMEACHERS - ARG ALZEREIRIE P 1T R B2 A BUEMECHEE NG - SRR RS THHH
WG Ry R PR HE SIS B T Rt IEE > eIt = b2 (Zhanget al,, 2019) - &
PR ) © ARzl A VERANMERPNERNE - BIEEZEHELE FIREHEE - ALK ES




112-2 118%

NRESRINFAE R B - ARIRE Fiei R (itEEEE > e AR PR - RWLERTTHY
INEAEESA -

BEEE AR AT FETTHH TP R Y EOREYE T (BA57AIAIRE — LepkE - B - BN EIVEENE
B ATRE G5 [ MmN AR o ILIh - AR A N A Y E B A R AR — Ak

B - PEEROaH AR - A pal AL B E 2T R TS EIER -

3. A&
3.1 B EE AR
AIEERBIEE AL RN TR G R (- EBSHEE Al B ISR
TR ILZ RSO - BEEEA Rk ARt T EE VG - Blek 7T BN EH) - fERE
o BB AL MR ERERT R AT TR AT IVIERT BRI > S E LSRR - BG4
FEE - WEBHFEOIEREMAETH - BIg O EEeERER - A B SR 6l
afam > BB RE A B I EBRR A Tt AT BB ROt - BoARAREV & TERIAIHTEEE 14
B o BBt GE - AEENMERTT T AR AL RO E K - BE— P EE TR THEEAY
JEFIRRE - BB Al HHEHEAHIRIT EIRNSOMSE - AR B A L B A B B iR A gt Al
ety > AR HER R EEA TSR E b - S R S 1E RAEBI LRGN AL 2R [RISISH 2 E
B TR AIRENE B RARAVIT S AR 1 o R R S %
BERESHANRREEFRITHES
3.2 BR{E AT fitiias A
BEAh > At B E TR SRR AN TSR RN (ARSI REF TR ) - AR Z50E
s R R ENATES S - [RRE R AT A SN - B ER PREs B R 2 E i
AIEIE - AF LS 7 —5& 2099 JTTAVRIE TN B iR E - SRR R SIR NYIGEES - EfidaA
PR - BR(E At iR S o AR B A PR ST s R AN Y R BTl -~ 45 AT RE B BUR BRI »
B o him il - B A E R E i - fHEEZ T - ss PR R iRt i S B RO BT A
N - A R RE AR B AS - WSS ¢ EE AR A IS DR )N - HEOR R
R o TEHATFEH BB R A IR BRI B SR A - BN - (R E R A R —
ey )N > EGIRFIEMA TIER RN AR HE - i RE TR ERE e & » I H A — R IESER
REMRHER © tRZEHRELIRE © (FEARHRE T A B A SEEREThEE - WEEZES] - FRTE
AT~ HENEES » SRR & PRI T C AR R RAREC < SRR AR © I EAIEH T RE
FEUR BE ST BUR BRI TR SRR © ATRESS K AV TE - eSS > (RER
MO EEPAEASEE N - (EAEDDRERIMERE LG A A1 - WIRIFEEGSHVERR K - EHEHME S
IfyALsE > DTS S EEAVARBRATUR -
3.3 B#{E AI P8R
I ERSSINEE T (B EVE T - TS > SR ftEAN L EREMNDIRE - HE
BRAFEAE—CEVB ERYBIEL - o (EHLRC R T Ny ERES o 2R - (EEAVEE T8
LB P R BRI AR R S MEERIPT R - HAh > Gz HEERY
LEFINRFRE S SER - W0 T HF BT RN IR S T ERIRA - UM EFEHSE
TPIsHE RAIGEL © MEE  EEAVE TR R SRR AR S - 5 g B ]
M - EEFIRATREE E S NN RSN R A MRS - ([EimEksda - EtSad - &R
{EFT SRRV B AR AT AT RE R - HBh = B RIGHVERRELIAE - BEEHENKEET] - fJEgit
{(EFESAERTIL - BREDIREAIR © (FHAVE TS G = SIS EREDIRE - PILEREE R ~ B
RE - sCerP PR AT N IIRE - IRt AR RIS B AU SHIIRE - A S X E




112-2 118%

SRR - DI/KIGEERE A JE - (RERVE TP Re S B A e =K RERE )T - EGHERAER
SRR T A SiE - FEIEEER - SERES | REE TR IRAE - 1586
AEMER N MERE P - St - (EERVETPIREEGTEE - Sk SimiH B AV RSN > mIRE
A B S R B RS UL -

AR AL > BRSNS B Esc iV it L Ehe e - B AR LB E SR - T
N el a8 s e B RE R e T SR AR TRV R bR =1 - BORBEEIHIEME(ETTEY - BERER
EESISE ] P E B - 12 L 8dE v - AR E MBI T I - Bl > AREE P {8 A it i
B REF TRAVIRER - HEDAAHRE R oo SR EIRBHERE - S INE PRV BN E R

4. 4w
ARt AT Rt Tiesisde (it 7R TE - CERAE HEEN R AE T LA T e 1ok
FNEETT © HBNERTRIERE T 28 - fRIERARFE Al BB B EEE A B ES T - WIESY)
DT R R - B AT MBS E— D 550 - ER AL S AHRE ALRHET T EB) P adid s 5
EIIER - dbhF e AR —5lT - DR H T IRERIL RIS ks DHEE AN B A -

SE R
- Brown, T., Mann, B., Ryder, N., Subbiah, M., Kaplan, J., Dhariwal, P., ... & Amodei, D. (2020). Language
models are few-shot learners. *arXiv preprint arXiv:2005.14165%.
- Goodfellow, 1., Pouget-Abadie, J., Mirza, M., Xu, B., Warde-Farley, D., Ozair, S., ... & Bengio, Y. (2014).
Generative adversarial nets. *Advances in neural information processing systems*, 27.
- Karras, T., Laine, S., & Aila, T. (2019). A style-based generator architecture for generative adversarial
networks. *Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern Recognition*®, 4401-
4410.
- Kingma, D. P., & Welling, M. (2013). Auto-encoding variational bayes. *arXiv preprint arXiv:1312.6114*.
- Zhang, Y., Yang, Q., Ma, Z., & Yu, Y. (2019). An overview of personalized recommendation techniques
based on deep learning. *Expert Systems with Applications*, 129, 97-117.

’TTI %

Vs FX#_L;%-K,T_L i 4

(DA g R/ (B " 3H=)

(W= 84 W55 2 RS Rt
(2) % 73539
(g4 502 ~FEai i)
(A H FHA(F 1175~ F30) (8" 1 5=5)
(W84 522 ~OR F R4H)
(DE v GAI* 514 > £ 737

DEERLE S

WY 113 eR TREFRETREL 4,
EUEE SRR P EE RS ER_ RN Y
()3 B e Jo b & BIATHE °

WFEK 257 Ml &2 =5V Al dpRdde. X 1 E sk
(42 113 £ &+ 4L § F 5354 (USR)
WM S (ke F 4§ FLFER)




112-2 145
1. %8 3cp 1 F 1 48> 34 7 & % £ fiL Understanding User continuance for Generative Al: An Exploration.
3 - g

2024/10 #74e3l AI#7 34 € ICAISE 2024 - https:/icaise.org/

2. BB L RN 0 LT R LR 2024710 FRREAAEE -
AR Y R

B

FEA o deT R




112-2 118%

ICAISE 2024

Review Form

IT5006

through the Theory of Trying

The Topic’s Conformity:

X Match to the conference topic very well
OMatch to the conference topic fairly
OMatch to the conference topic poorly

The Coverage of the Topic:

X Sufficiently comprehensive and balanced

Olmportant Information is missing or superficially treated
OCertain parts significantly overstressed

Innovation:

OHighly X Sufficiently oSlightly oONot Novel
]
Referencing:

OOutstanding oOStandard X Fair oPoor
|
Technical Merit:

OSuperficial

OSuitable for the non-specialist
X Appropriate for the generally knowledgeable individual working in the field
OSuitable only for an expert

Presentation & English:
X Satisfactory oNeeds improvement oPoor

Overall organization:
X Satisfactory oCould be improved oPoor

Understanding User continuance for Generative Al: An Exploration




